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Abstract In recent years, Al technologies have been utilized and researched in various situations. The famous
examples have Softbank’s “Pepper” and the cleaning robot “Roomba”. In addition, a lot of researches on Image
Classification and Image Generation are being actively conducted. Especially, the technology to generate images is
in great demand for those who cannot draw or who cannot spend time drawing. Therefore, this paper focuses on
“GAN” that is an Al specialized in image generation, and analyzes the problems and issues of GAN-output images.
Moreover, as a solution of the problem that it is necessary to display all outputs of GAN and evaluate them each
time until the images that a user wants are output, this paper proposes a method to assign GAN-output images with
“priority” for display. Furthermore, this paper aims to develop a system for efficiently filtering of the images that
a user wants by making image evaluation for eliminating half-finished images that have a distorted shape unique to
GAN-outputs and proposing unique filtering such as selecting exclusion targets using image recognition results of
image recognition of multiple CNNs.
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