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A Comprehensive Management System between Biosensor Information and
SAM-based Degree of Hoarding Clutter in Anywhere to be Time-Sequentially
Monitored with Only One Ordinary Camera
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Abstract— This paper conducts a study for developing a novel SAM-HOA (SAM-based degree of HOArding
clutter in Anywhere) to be time-sequentially monitored with only one camera, and some experiments to val-
idate the proposed metric. In addition, this paper also conducts a study for developing a comprehensive
management system for a user with/out her/his family member(s) and pet animal(s) between her /his biosen-
sor information and each degree of hoarding clutter for her /his personal room and/or shared room as her/his
domestic behaviors. In the future, the proposed system would reveal new findings about relationships be-
tween SAM-HOA and biosensor information (e.g., quality of sleep, daytime activity), its subjects (e.g., family
members, pet animals) or contexts (e.g., day of week, events).
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3. SAM-based Subject Estimation
i.e., Specific Object Detection and Classification)
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Fig. 1: An overview of the proposed SAM-HOACS, that is a Comprehensive management System for a user
with her/his family member(s) between her/his biosensor information and each SAM-HOA (SAM-based degree
of HOArding clutter) for her/his personal bedroom and shared living room as her/his domestic behaviors.
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Fig. 4: Scatter plot between HSR’s 5-grade rating and
the simplest SAM-HOA (o= 8 =0).
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