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Abstract We, humans, have various properties such as gender, race, and religion. Such a property could have an
influence on us who are the owners of those properties. For example, if you have sports as one of your hobby, then
the hobby may have changed your personality. If a property affects the personality of the owner, it may be possible
to change the personality by assigning a new property to a person. In addition, if it is possible to elucidate what
kinds of effects the property has on the personality, it may be applicable to prevention of mood disorders such as
depression and manic depression. Therefore, this paper proposes a method for property extraction and personality
vectorization of Twitter users for the purpose of clarifying the existence of the effects of properties on personality
using SNS analysis.
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