AN EFEREETE
THE INSTITUTE OF ELECTRONICS,
INFORMATION AND COMMUNICATION ENGINEERS

& ER
IEICE Technical Report
IN2018-81 (2019-01)

SNS hL Y RZHBEE U2 —Y O % IG5 MFAHER

R MR REE LB EE BT IRER IRt

11 B TEKRY U = 7THIBERZEMIEZE T 050-8585 JbifE E i i AK cH] 27-1
E-mail: 1{15024160,18096001,18043050} @mmm.muroran-it.ac.jp, {thattoriQcsse.muroran-it.ac.jp

HoFL MHFLIE, ES5RVWIEREMALIEDBIEDDILIZRVWIZMDRVWAFEROZ L THD. TD L
SIHMBEIZRK U TAZDFEOE UTEXEHIN, TLERBMOR X U THHAI NS RY, MPIIAEE LT
FTREAIa=r—ya vy — Ve UTHEHTEIENTES. L, HEARE ECTHZZRDHEE L W
SDRBENTHEY, DIDLIHFZFARDIABIZLEA LV, 72, Web BIZIFEBOMZEIFEL TWE D,
Web OIE#HEDHBHUICER AT, HAVWHESZEUHTHER GESEFEELTVWARWL., 22T, HHohofis
ERTMNVYRNZEBRE VTP ZHETLILT, L0EZDOAPELEZR ODHAWHEZZELETZ A TE
LeEZ. ARTIE, HHROBRIMENENSNSD ML Y RERRE L, 2—FOBLEIES LML MY % E
EHTFEIZOWTHRET 5.

F—T7— R MEFPEER, SNS, [EHHL, Web v =27, BbkFHE

Searching the Web for Trivia Inducing Users’ Interests
by Starting with SNS Trends

Junya MATSUDAT, Komei ARASAWAT, Ryohei WATANABET, and Shun HATTORI'

1,11 Web Intelligence Time-Space (WITS) Laboratory, Muroran Institute of Technology
27-1 Mizumoto-cho, Muroran, Hokkaido, 050-8585, Japan
E-mail: 1{15024160,18096001,18043050 }@mmm.muroran-it.ac.jp, fthattoriQcsse.muroran-it.ac.jp

Abstract Trivia are one kind of knowledge about trashy things and trivial things etc., and almost always we do
not care whether or not they are useful for us. Contrary to such nature that trivia have, trivia can be utilized as
knowledge as well as a communication tool. For example, they are often used as a topic of conversation by people,
and moreover as a topic of TV programs etc. However, there is little opportunity for us to learn about trivia in our
daily lives, and also there are few people who bother to search for trivia purposely. In addition, there is currently no
clear way to search the Web for funny trivia due to the explosively-growing information volume of the Web, although
there are countless trivia on the Web. Therefore, we propose a novel way to search the Web for funny trivia that more
people are interested in, by using a trend word showing a trend of the world as a starting point of the searching. This
paper examines a method to search the Web for various kinds of trivia inducing users’ interests, by focusing on SNS
trends with high mobility of information.
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A FEALE R A AN W] (o] 25 & FTEA AT REAE RN D L
Fik YA VELE R R EE S AR R

‘Word2Vec 548 229
fastText 0 510
5. £ & ®

ARTI, BUSLRMET 2 Ui Web B SR 7
TV OMEFEBHERL, NELLHEYOHAI2FMLTT >
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ZAOTIEH LM Web EOMFEIY T YDA =V TIEY,
otz i, MPELHMFETRBVWIXEDEHTZEOPD
FiE, KO, HEOMAI 22X vy T WS Bl SEEINIC
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o, SHROREERICRR T NESHEE U THESUEL M
DR, K, BAGDHHS LR 7.
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