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Abstract Along with the spread of mobile terminal devices, the number of users who take pictures during traveling
and post them to SNS is increasing, but most of them are not utilized. In addition, travelers often go around their
unsuited sightseeing spots out of their own “preferences,” because sightseeing spots posted in sightseeing guides do not
take into consideration the users’ individual “preferences.” If many photographs that sleep in mobile terminal devices
can be utilized for recommendation of sightseeing spots, it will lead to the creation of new travel opportunities, the
revitalization of local regions, and the improvement of travelers’ satisfaction with sightseeing spots. In this paper,
we assume that photographs taken by a user include her/his inherent “preference.” This paper aims at developing
a novel method for sightseeing spot recommendation based on each user’s “preference” tags extracted by analyzing
object-name tags in her/his photographs, image-recognized by the existing image analysis technology.
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